Developing Data Driven
Insights: The Energy Crisis
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Energy Efficiency and the Cost of Living: Insight

* Develop Insight
« Guide Service Areas
* Create an Accessible and Interactive

Research Tool
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The Energy Crisis

Methods

Variables/Data:

« Energy Performance Certificate (EPC) Scores/Grades (Department for Levelling UP,
Housing and Communities)

 Household Income (CACI)
* Acorn Segmentation Data (CACI)

**Assess household variation across these three metrics**
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The Energy Crisis Matrix
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High Income and Low Energy Efficiency
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Category D = EPC <69 + Annual Income < £25,000.
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B Energy inefficient households with median income less than £25,000 (%)
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Hounslow's Warm Spaces Initiative

30 Warm Spaces across the borough, so | AT e
people have somewhere to go if they cannot s ‘
afford to keep the heating on at home.
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The Online Report & Interactive Element
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Energy Efficiency and the Cost of Living: Insight
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of Hounslow


https://stats.hounslow.gov.uk/energy-efficiency-and-the-cost-of-living-insight/#/view-report/aec7d2dab8b840c0b2b46aa2515c7953/E09000018
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Tools + Hounslow Reports + Borough Profiles + Equalities +

COVID-192 Dashboard Useful Links & Resources Accessibility Statement

Welcome to the Hounslow Data Hub

The Hounslow Data Hub helps you easily access local data about the borough. It brings together a wealth of data from reliable, nationally-rec

and its communities.
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Quadrant D

Figure 3.2

Energy inefficient households with median income less than £25,000 (34)
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Data Science & Quality Team

Digital & IT

UPRN | Address — Fuzzy Matching Practices

Data Preparation Stage (R)

EPC Dataset Schema Transitions - LBH LLPG Dataset (Gold Standard)
|G & DPIA Scope

EPC Schema Match RUN for Future Data Automation Process

Remove Unwanted Variables

Data Cleansing Steps

_ Ensure IG is aware &
Sort by Inspection Date informed of data

Duplication Checks (Dataset & UPRN Variable) processing!
Remove Duplications (for i.e. same property with 3 inspection dates)

Split EPC Dataset (With and W/O UPRN)

London Borough

. of Hounslow
LLPG = Local Land and Property Gazetteer | EPC = Energy Performance Certificate



Data Science & Quality Team
Digital & IT

UPRN | Address — Fuzzy Matching Practices

Data Preparation Stage (R)

dfepc$local authority <- NULL
dfepchcounty <- HNULL
dfepchuprn_source <- NULL
dfepcflocal authority label <- HNULL
dfepctlmk key <- HNULL

dfepcfinspection date [18] This is an example

dfepc$inspection_date <- as.Date(dfepc$inspection_date, format = "%Y-%m-%d") snapshot of a R

dfepc$inspection_date .
Script!

dfepc <- dfepc|[order(dfepc$inspection date, decreasing = TRUE), ]

head(dfepc)

View(dfepc)

n_
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Data Science & Quality Team

Digital & IT

UPRN | Address — Fuzzy Matching Practices

Data Transformation Stage (R)

Split EPC Dataset (With and W/O UPRN)
1. Using distinct function to filter out EPC Addresses with Unique UPRN'’s (dfA)
2. Using is.na function to filter out EPC addresses with NO UPRN’s (dfB)

Create a new variable by Merging “address” & “postcode” - merged_full _address
Use 64 bit Excel
rather than 32 bit

Set Threshold to .90 for Good Matching Results (>80%) Excel for a faster
data processing.

If dfB <40K rows, fuzzy matching can be performed well using Power Query in Excel

If dfB >40K rows, apply Data Science Distance Based Methods for i.e. JW or LD
Where min distance b/w strings (X and Y) shows Matched Address Strength (Score)

=@, London Borough

I . ” $co%" of Hounslow
LD = Levenshtein Distance | JW = Jaro Winkler | EPC = Energy Performance Certificate | df = Dataframe



Data Science & Quality Team
Digital & IT

UPRN | Address — Fuzzy Matching Practices

Data Transformation Stage (R)

This is an example
snapshot of a M
code in R Script!
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Data Science & Quality Team
Digital & IT

UPRN | Address — Fuzzy Matching Practices

Data Transformation Stage (R)

dflev 11pg <- dfllpg
dflev epc <- dfepc b

dflev epcimerged full address <- paste(dflev epcfaddress, dflev epcipostcode, sep =
View(dflev epc)

This is an example

lev distance <- function(stringl, string2) { SnapSh(?t SUER
stringdist(stringl, string2, method = "1v") Scrlpt!
¥

distances <- outer(dflev_1lpgfllpg postal address, dflev_epcimerged full address, Vectorize(lev _distance))
results <- data.frame(dflev 1lpgfllpg postal address, dflev epcimerged full address, distances)
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Questions:
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stats.nhounslow.gov.uk
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